SITUATIONAL VARIABLES IN ONLINE VERSUS OFFLINE CHANNEL
CHOICE

ABSTRACT
Since the advent and rapid diffusion of the Internet, the subject of consumer channel
choice has attracted a large amount of research, mainly focused on the influence of
channel, consumer and product category characteristics as its drivers. The interaction
between channel choice and the purchase situation has been largely ignored, however.
This paper is an attempt to fill this gap by identifying the key purchase situation
variables and conducting an experiment to assess their impact on the choice between the
traditional retail outlet and the online store. The results show that the key determinants
of channel choice relate to time and distance. Distance-to-store and time pressures are
among the factors affecting the probability of online purchase. Using a conceptual
framework to explore differences in the impact of situational variables across product
categories (high/low involvement, search/experience good), we show that distance-tostore has more influence on the likelihood of online purchase in situations involving
search goods, while social variables are found to play a role only in the context of highinvolvement goods.

1. Introduction
For approximately two decades, the range of purchase channels open to consumers
has been steadily increasing. Self-service technologies (SSTs), telephone sales and
online sales channels have widened the options for retail shoppers, who have adjusted
their preferences accordingly, embracing the new channels and increasingly adopting a
multichannel approach to shopping (Ansari et al. 2008, Cortiñas et al. 2010, Double
Click Inc., 2004).
At the same time, both researchers and marketing professionals have shown a great
surge of interest in exploring consumers’ behaviour in relation to new purchase
channels and their channel preferences for specific products. This preliminary research
has revealed that the primary determinants of intended and actual use of a given
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purchase channel are consumers’ perceptions of channel characteristics (Gehrt and Yan
2004, Neslin et al. 2006, Huang and Opperal 2006) the characteristics of the underlying
technologies (Meuter et al. 2000), personal attitudes toward using them (Zhou et al.
2007), consumers’ socio-demographic, psychological and psychographic characteristics
(Dabholkar and Bagozzi 2002, Gehrt and Yan 2004, Neslin et al. 2006, Zhou et al.
2007), consumers’ experience and use of technology (Meuter et al. 2000, Zhou et al.
2007) and product characteristics (Gehrt and Yan 2004, Cortiñas et al. 2010).
Nevertheless, these variables do not appear to explain all of the observed variation
in channel choice behaviour patterns across different purchase occasions. They appear
to fail to fully explain why a given consumer sometimes buys a specific product in a
brick-and-mortar store, and at other times uses the Internet or another channel.
Belk (1974, 1975) offers a possible explanation for this. Purchase-channel choices
depend on the context in which they are taken. The new flexibility of options, although
potentially benefiting consumers, may present a new challenge to marketing managers,
by adding an element of unpredictability and incoherence to consumer behaviour
whereby every purchase by every consumer is potentially unique.
Thus, to improve resource allocation and productivity, while enhancing the
customer experience, successful advertising, promotion and merchandising campaigns
require an awareness and deep understanding of the relationship between the purchase
situation and channel choice.
For the above reasons, and to fill gaps identified by authors such as Verhoef and
Lagerak (2001) and Hand et al. (2009), this paper explores the effect of situational
variables on channel choice by asking not “which one?” but “when?”.
We place the focus on the decision whether to shop in a traditional retail store or via
the Internet, which is the most frequent choice problem faced by multichannel shoppers
(Cortiñas et al. 2010, Double Click Inc., 2004).
Despite repeated confirmation of the product-channel relationship in numerous
channel choice studies (Gehrt and Yan 2004, Nicholson et al. 2002, Zhou et al. 2007,
among others) category-driven variation in the impact of situational variables on
channel preferences has remained virtually unexplored. Nevertheless, some studies have
shown that the potential moderating effect of product category must always be
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considered when exploring online shopping behaviour patterns (Morrison and Roberts
1998, Zhou et al. 2007). A further aim of this study, therefore, is to test for variation in
the impact of situational variables across product categories.
The Internet’s capacity to convey only written and certain forms of pictorial
information has put into question its suitability as a shopping channel and led to
research resulting in a multitude of product classifications based on intrinsic, perceived
or other attributes, such as tangibility, cost, degree of differentiation, complexity, etc.
(Alba et al. 1997, Degeratu et al. 2000, Peterson et al. 1997, among others). This paper
focuses on two of the main taxonomies used in channel choice research since the advent
of the Internet: one that sorts products by level of involvement (high or low), and
another that sorts them into search or experience goods.
Based on the above considerations, this paper pursues three objectives. The first is
to explore the role played by five broad categories of situational variables in channel
choice decisions. The second is to compare, by experimental means, the roles of
different situational variables in the probability of online purchase. The third is to use
the same experiment to explore the moderating effect of product category on the impact
of situational factors.
The paper is organized as follows. In section 2, we review the literature analyzing
the impact of situational variables on channel choice and explain how our paper fits into
this line of research. In section 3, we describe our exploratory study of the relative
importance of a set of situational variables prior to selecting the variables for our
experiment and formulating hypotheses for them. In section 4, we present a conceptual
framework to explore the moderating effect of product category on the impact of the
selected variables. In section 5, we provide details of the empirical specification and the
methodology used to test the hypotheses. Finally, we present the main findings, provide
some conclusions, and indicate the implications for retail managers.

2. Situational factors in the choice between the physical and the virtual
store.
Situational variables are “all those factors particular to a time and place of
observation which do not follow from a knowledge of personal (intra-individual) or
stimulus (choice alternative) attributes” (Belk 1974, p. 157).
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Consumer behaviour is largely driven by these situational variables or shopping
contexts, which can influence their information search (Gehrt and Shim 2002, Mattson
and Dubinksy 1987), preferences, product assessment and product choice (Belk 1974,
1975), price sensitivity (Wakefield and Inman 2003), their preferred store layout (Van
Kenhove et al. 1999), their use of in-store self-service technology (Dabholkar and
Bagozzi 2002, Wang et al. 2012) and, of course, their choice of purchase channel
(Nicholson et al. 2002, Hand et al. 2009, among others).
Situational variables can have a direct influence on channel choice decisions
(Nicholson et al. 2002, Gehrt and Yan 2004, Hand et al. 2009, Chintagunta et al. 2012,
Oppewal et al. 2012). Some authors (Hand et al. 2009) even suggest that channel choice
is an erratic process that is more circumstantially than cognitively driven. Moreover,
situational variables can also influence the decision indirectly through the consumer’s
value perceptions of the different channels, the relevance of their respective features, or
their compatibility with an individual shopping style (Gehrt and Yan 2004, Huang and
Oppewal 2006, Verhoef and Langerak 2001). These variables may also cause
consumers to hesitate to adopt a particular purchase channel, even if they feel
comfortable with the technology, able to see its advantages over other alternatives or
positively inclined towards it (Forman et al. 2009).
Situational variables can be grouped as follows (Belk 1975): 1. Variables relating to
the physical surroundings in which the choice process takes place. These include
distance-to-store, crowdedness, the weather, and retail store environment variables
(background music, tidiness, etc.). 2. Time-related variables, which include time-of-day
or day-of-the-week, urgency of purchase, product availability and time pressures. 3.
Variables relating to the social environment, such as the presence of others at the time
of the decision, the apparent roles of such persons, and the chance for social interaction.
4. Variables relating to antecedent states, including temporary physical or mental states,
moods, fatigue, etc. 5. Task-definition variables, which include the cognitive and
motivational aspects of the purchase situation (whether the item is required as a gift or
for personal use, etc.).
In Table 1, we use Belk’s taxonomy to classify empirical studies that use some
means to measure the effects of situational variables on channel choice, which is the
line of research into which this paper fits. The general impression is that time-related
factors have attracted more interest than other situational dimensions. It is also apparent
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that previous analyses have involved a single product category. There appear to have
been no previous attempts to test for category-related variation in the influence of
situational variables on channel choice. One study (Gehrt and Yan, 2004) considers two
product categories, books and apparel, representing a search good and an experience
good, respectively, but the analysis treats product category as a situational variable in
itself.
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TABLE 1. Review of the literature
Dependent
variable

Authors
Verhoef and
Langerak
(2001)

Online supermarket
purchase intention

Nicholson et
al (2002)

Channel choice

Gehrt
and
Yan (2004)

Channel preference

Huang and
Oppewal
(2006)

Channel
choice
online
versus
physical store

Forman,
Ghose and
Goldfarb
(2009)

Channel
choice
(channel
substitution)

Hand et al
(2009)

Adoption
and
abandonment
of
online
versus
physical
store
shopping
Channel
choice
online
versus
offline

Chintagunta,
P. K., Chu, J.
and
Cebollada,
(2012)

Relationship
established between
situational variables
and channel choice
Effect mediated by
relative advantages
online vs. offline,
compatibility
with
shopping styles and
complexity
Direct
effect(exploratory)

Situational
variables*

Channels
considered

Product

Time constraints
(D2)
Physical
effort
(D1)

Online

Foods

Situation variables
of five types

Physical stores
Internet
Catalogue
Physical stores
Internet
Catalogue

Apparel

- Direct effect
-Effect mediated by
the importance of
respective
channel
characteristics
Effect mediated by
consumers’
value
perceptions in online
versus offline sales

Time
pressures
(D2)
Gift or personal
use (D5)
Availablity of time
(D2)
Travel time (D2)
Proposed purchase
(D5)

Physical stores
Internet

Foods

Moderating effect of
type-of-product
within
category
considered and price
on channel choice
Direct effect

Distance (D1)

Online
Physical stores

Books

Change in living
situation (D4)
Time
pressures
(D2)

Online
Physical stores

Foods

Direct effect

Distance (D1)
Day of the week
(D2)
Bad weather (D1)
Purchase
characteristics
(D5)
Time
pressures
(D2)
Expected
expenditure (D5)

Online
Physical stores

Foods

Agency
Internet-at home
Internet-cybercafé
Brochures
Other
physical
outlets
Online
Physical stores

Travel

Oppewal, H.,
Tojib, D.R.
and
Louvieris
(2012),

Channel choice for
travel information
search and actual
booking

Direct effect

This paper

Channel
choice
online
versus
physical store

- Direct effect
-Effect moderated by
product category

- Five types of
situational
variables in the
exploratory study
- Seven variables
in the experimental
design (3D1, 2D2,
2D3)

Apparel
Books

Apparel
Books
Computers
Tickets

*D1: physical surroundings, D2. Time-related variables, D3: social environment, D4: antecedent states, D5: Task
definition (Belk 1975)

3. Selection of situational variables. Research phase 1.
There is a wide range of potential situational variables and a wide range of empirical
methods to address our research objectives. We therefore performed an exploratory
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study to identify which situational variables might more decisively influence the
consumer’s decision to use one channel versus another.
Basing our selection on a review of the literature including Belk (1975) and past
research on the role of situational variables in channel choice (see Table 1), we selected
21 such variables for use in a questionnaire, where subjects were required to rate how
much or how little these factors influence them when selecting a purchase channel,
irrespective of product category. They responded by indicating their level of agreement
with a series of statements using a 5-point scale (ranging from strongly disagree to
strongly agree). The questionnaire also included questions designed to capture
information on frequency of Internet purchase across different product categories.
The questionnaire was administered in a purposely-designed venue to aid
respondents’ concentration. A trained interviewer was on hand to ensure the correct
understanding of all the questions and each participant completed the scoring in
isolation from the rest.
The survey took place in November 2009 in the city of Pamplona, capital of
Navarra, Spain.The questionnaire was put to a gender-balanced sample of 85 consumers
who had at some time purchased products via the Internet. The age distribution of this
sample was as follows: 26.5% 24 years of age or less, 38.56% between 25 and 34,
approximately 15% between 35 and 40 and the remainder over 40.
The results, given in Table 2, indicate the percentage of participants per response
category, per statement. Since exploratory study makes no specific hypotheses as to
whether the influence of the variables is positive or negative, central trend measures are
of no use in identifying the most influential variables. Dispersion measures also serve
little purpose, since we wish to examine not only variables with a strong unidirectional
impact and therefore low dispersion (such as those that strongly encourage online
purchase) but also variables that may differentiate between consumers and therefore
have high dispersion (such as those that drive online purchase in some consumers and
physical-store purchase in others). Thus, because of the ordinal scale of the variables,
we identified those with the highest and lowest scores and selected the six with the
highest percentages of extreme values. The last column in Table 2 gives the sum of the
extreme values of the scale.
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I do not like shopping on-line because I do not get to speak to anyone.

35.3 35.3 18.8 8.2

D1
D2
D1

D3

When the stores selling the product I am looking for are a long way from
my home or place of work, I am likely to purchase on-line.
On-line shopping is a good option when time is short.
An untidy store where it is hard to find what I’m looking for could make
me opt for the Internet
If I have someone to go with, I prefer to shop in real stores rather than online.

St. disagree + St. agree

D3

Strongly agree

3.6

Agree

3.6

disagree

On-line shopping is a good option when real stores are closed.

Neither agree nor

Disagree

D2

Taxonony *

Strongly disagree

Dimension of Belks’

TABLE 2.Results of the exploratory study (in percentage terms)

13.1 42.9 36.9 40.5
2.4

37.7

2.4

12.9 14.1 36.5 34.1 36.5

4.7

4.7

4.7

12.9 20

2.4

15.3 20.2 36.2 25.9 28.3

17.6 43.5 29.4 34.1
37.6 24.7 29.4

D4

On-line stores are good when you are not in the mood to go out shopping.

20.0 24.7 35.3 12.9 7.1

27.1

D5

When I have money to spare, I go on the net to buy myself a little treat.

15.3 20.0 40.0 15.3 9.4

24.7

D4

On-line stores are the better option when you are tired or ill.

14.1 22.4 34.1 18.8 10.6 24.7

D3

When I expect the shops to be crowded, I prefer to purchase on-line.

4.8

23.8 22.6 29.8 019

7.1

18.8 21.2 36.5 16.5 23.6

D1

Difficulty with parking or the anticipation of traffic jams can make me
purchase on-line.

23.8

D3

I like real stores because you can get help from the staff.

7.1

15.3 18.2 42.9 16.5 23.6

D5

Real stores are better when you want to buy yourself a little treat.

7.1

10.7 40.5 27.4 14.3 21.4

D1

In bad weather, I shop on-line to avoid going out.

12.9 43.5 27.1 8.2

8.2

21.1

D3

I like going to real stores because I meet people I know.

17.6 25.9 38.8 14.1 3.5

21.1

When you are shopping for a large number of items, it is better to go to a real
D5

store where you can get everything at once, rather than have to use several 8.2

16.5 34.1 28.2 12.9 21.1

different web sites.
D1

D1

D2

If I find the store atmosphere (fittings, decoration, lighting) pleasing, I will
probably choose to shop there rather than on-line.
If I like the web-page layout, I prefer to purchase online rather than in a
traditional store.
I prefer to shop in a real store to avoid the lengthy delivery times with on-line
purchases.

10.6 12.9 31.8 35.3 9.4

20.0

2.4

20.2 38.1 23.8 15.5 17.9

1.2

18.8 22.5 42.2 15.3 16.5

D5

It is better to buy gifts in real stores.

2.4

14.1 29.4 40.0 14.1 16.5

D4

On-line stores are better than real stores for planned purchases.

3.5

23.5 50.6 11.8 10.6 14.1

*D1: physical surroundings, D2. Time-related variables, D3: social environment, D4: antecedent states, D5: Task
definition (Belk 1975)
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The six variables selected included two physical factors: store tidiness and distanceto-store; two temporal factors: time of purchase and time pressures; and two social
factors: shopping alone/in the presence of others and the chance for social interaction.
Since one of these variables involved physical store layout, it was decided that the
experimental design should also include virtual store layout to better balance the
criteria.
The fact that no antecedent or task-definition dimensions figured among the key
variables challenged their relevance, which could only be confirmed by means of a
more conclusive scale-dimension analysis. Nevertheless, the three most relevant
dimensions (physical, temporal and social) are consistent with those that emerged in an
exploratory study of factors influencing online purchase patterns by Nicholson et al
(2002).

4. Situational factors in channel choice: Role and moderators
This section offers a generic description of the effects we expect to find in our
analysis of the influence of the selected variables on channel choice and provides details
of our theoretical model for the moderating effect of product category. Figure 1
summarizes the research model.
Products can be classified according to their different attributes, such as tangibility,
cost, degree of differentiation, complexity, etc. (Alba et al. 1997, Degeratu et al. 2000,
Peterson et al. 1997, Zhou et al. 2007, among others). This paper focuses on two of the
main taxonomies used in previous channel-choice studies: one that classifies them by
the level of product involvement (high or low), another that sorts them into search or
experience goods.
The literature has shown consumer involvement with a product category to be a key
factor in overall purchase behaviour (e.g. Laurent and Kapferer 1985; Zaichkowsky
1985). Product involvement is a consumer-defined construct whereby products are
defined as high- or low-involvement goods based on the perception of the majority of
consumers (Beatty and Smith 1987, Wang et al. 2006). Generally speaking, highinvolvement goods tend to be of high monetary value and/or low purchase frequency,
and thus involve greater risks for the consumer.
Differences in involvement levels across product categories have a variety of effects
on purchase behaviour. These include the length of time and effort spent on the
9

purchase process (Zaichkowsky 1985), the number of attributes taken into consideration
when assessing the product (Beatty and Smith 1987), the level of satisfaction expected
from the purchase (Antil 1984) and consumers’ information demand (Krugman 1965).
The product involvement level also influences consumers’ post-purchase behaviour, in
aspects such as the complexity of their cognitive reactions and store and brand loyalty
(Quester and Lim 2003, Westbrook 1987).
Another product classification commonly used in channel choice studies sorts
attributes according to their value as quality indicators and differentiates between search
and experience goods, based on their dominant type of attribute (Nelson 1970). Search
attributes can be identified prior to purchase, while experience attributes can only be
assessed after purchase or during consumption (Nelson 1974). Consumer behaviour will
therefore differ according to the type of product being considered for purchase. Thus,
with an experience good, the emphasis is more likely to be on extrinsic attributes, such
as price, brand and recommendations, as cues to product quality and the consumer will
want to feel or taste the product (Wright and Lynch 1995). Furthermore, since certain
attributes of experience goods are difficult to assess (Bone 1995), consumers will be
willing to pay higher prices to offset some of the increased perceived risk involved in
purchase decisions for this category of goods, based on the assumption of a direct
relationship between price and quality (Rao and Bergen 1992). Clothing and fresh food
products are examples of experience goods, because their attributes (durability, fabric
quality, freshness, flavour…) cannot be fully evaluated before use or consumption. The
attributes of search goods, in contrast, are easy to assess even before use (Jain et al.
2000) without having to try them. Since their quality is easier to verify a priori, the
purchase decision is less risky. Books and dried food products are considered search
goods because the blurb on the back cover or information on the packet makes it much
easier to judge the contents (Grewal et al. 2004).
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Figure 1. Research Model

4.1. Situational variables in the physical environment
Situational variables in the physical environment, such as distance-to-store or retail
store environment variables, influence channel choice potentially more than any other
kind (Nicholson et al 2002).
Distance-to-store
The literature relating to the online purchase decision and the related options
(Meuter et al 2000) reports that one of the main advantages of the new shopping
channels is the ability to purchase goods from any location. This effectively removes
the distance obstacle, making the Internet a viable alternative for purchases that would
otherwise involve a long trip.
The easy accessibility of online purchase channels saves the consumer time, money
and effort (Akaah et al 1995) thus offering greater convenience than physical stores
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(Schröder and Zaharia 2008). Oppewal et al. (2012) recently obtained that distance had
a negative effect on the use of traditional purchase channels.
According to Downs’ (1961) consumer efficiency theory, consumers seek to
minimize purchase costs, which include time as well as money. They will therefore
judge each channel by the costs it involves. Based on a spatial competence model
designed to explore online-offline channel substitution in a multichannel environment
(Balasubramanian 1998, among others), we assume, furthermore, that the offline
purchase decision obliges the consumer to consider the fixed costs associated with
getting to the store. These will depend on where the decision takes place and will
increase with the distance between purchaser and vendor, whereas the fixed costs are
invariable for all online purchases.
Thus, the further the store, the greater the utility and the higher the probability of
online purchase. This has been confirmed by recent studies, such as Chintagunta et al.
2012 and Forman et al. 2009, the first of which estimates that a household can save an
average of 0.47 Euros per kilometre by shopping for groceries online rather than offline.
As far as product category is concerned, the broad literature on variation in
consumer involvement across product categories has so far not considered how this
factor might affect the interaction of situational variables with channel choice.
Predictably, however, the role of situational variables will co-vary with product
involvement, given the influence of the latter on the evolution of the purchase process.
When it comes to distance-to-store, for instance, the purchase process for highinvolvement products takes longer and consumers are willing to travel further to ensure
a correct choice (Zaichkowsky 1985). We can therefore assume that distance-to-store is
less important than it would be for a low-involvement product, because consumers will
expect a more positive purchase experience as a reward for the extra effort of going
further afield.
As in the comparative analysis of consumer behaviour towards high- versus lowinvolvement goods, the broad literature analysing consumer behaviour towards search
versus experience goods has given little consideration to possible variation driven by
situational variables. Nevertheless, previously documented differences between
purchase processes for experience versus search goods give reason to assume that
situational variables will have a different impact in each context. For instance, the
greater risk involved in decisions regarding experience goods will incentivize
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consumers to try to see, touch and test the product they are about to purchase. This
suggests that distance-to-store will be less of an issue in the experience goods than in
the search goods context, because, if consumers are confident that a more accurate
product-quality assessment can be made in situ, they will be readier to face any
potential travel costs.
Based on the above, we state our first hypothesis and two sub-hypotheses.
Hypothesis 1 refers to the generic influence of distance on channel choice and
Hypotheses 1a and 1b refer to the moderating effect of product category:
H1: As distance-to-store increases, so does the probability of online purchase.
H1a: The effect of distance-to-store on the probability of online purchase is
more pronounced in the low-involvement than the high-involvement context.
H1b: The effect of distance-to-store on the probability of online purchase is
more pronounced in the search goods than in the experience goods context.
Tidiness in the shopping environment
Keen interest among researchers in the effect of traditional retail store environment
variables on buyer behaviour has led to a wealth of empirical evidence (Turley and
Milliman 2000). Retail store environment variables, both external (entrances, display
windows, parking availability, etc.) and internal (temperature, music, colour schemes,
decoration, cleanliness, placement and grouping of merchandise, product displays, etc.)
appear to influence consumers’ choice of store, length of visit, amount of money spent,
number of products purchased, degree of impulse buying, etc. (Nicholson et al. 2002,
Turley and Milliman 2000).
Traditionally, this line of research has viewed retail store environment variables as
being subject to the control of the retail manager, who can adjust them to influence
customer behaviour. It must also be noted, however, that the customers themselves
affect the shopping environment with their noises, smells, behaviour, etc. Despite the
best efforts of sales staff, the products in some stores can be found in disarray due to the
behaviour of previous shoppers. Store untidiness can make it difficult to find the desired
product, induce stress, diminish quality perception, prompt a rejection response and
cause the customer to leave without completing a purchase. Exploring this issue,
Oppewal et al. (2012) found that consumers are more likely to approach the channels
they perceive to offer higher quality.
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This factor, however, has less relevance in relation to the purchase of highinvolvement products, where the consumer’s main aim is to make the right choice,
regardless of the effort required, and more relevance in relation to that of lowinvolvement products, where the consumer wishes to minimise the time and effort spent
searching for and comparing products. We therefore expect store tidiness to have less
impact on channel choice in the high-involvement purchase context.
As already stated, a tidy store will always ease the decision-making process,
provided there is some congruence between how consumers categorize products in their
minds and how they are categorized in the purchase channel layout (Morales et al.
2005). This relevance of this factor is fairly similar for both search and experience
goods, since the consumer always appreciates a sufficient degree of organization as to
be able to compare the available options (Lurie 2004).
Thus, we propose the following hypothesis:
H2: The more untidy the traditional store, the higher the probability of online
purchase.
H2a: The effect of store tidiness on online purchase probability is stronger in
low-involvement than in high-involvement contexts.
H2b: The effect of store tidiness on online purchase probability is equal in
both search and experience goods contexts.
There is as much empirical evidence regarding the impact of environmental
variables on buyer behaviour in the online context as there is in the traditional store
context (Manganari et al. 2009).
One online environment variable is website design, which usually determines the
layout and navigability of the web page (Lociacono et al. 2002, Montoya-Weiss et al.
2000).
Well organized websites offering clear information layout, simple purchase process
instructions, ease of navigation, etc. drive both intended and actual purchase levels
(Loiacono et al. 2002, Montoya-Weiss et al. 2000, Nicholson et al. 2002, Richard
2005).
When it comes to product category effects, either in the purchase of high
involvement versus low involvement products or in that of experience versus search
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goods, the reasoning for store tidiness applies equally to the clarity of website layout. A
well-organized web page makes it easier to find the desired product type and compare
the options. This factor is less important in the high- than in the low-involvement
context, but has fairly equal importance for both search and experience goods, since
clarity of organization is always desirable for easy comparison of the available options.
This leads us to the following hypotheses:
H3: The clearer the website layout, the higher the probability of online purchase.
H3a: The effect of the clarity of website layout on the probability of online
purchase is stronger in the low-involvement than in the high-involvement
context.
H3b: The effect of the clarity of website layout on the probability of online
purchase is equal in both the search and experience goods contexts.
4.2. Time-related situational variables
Due to their effect on convenience, time and distance variables have been repeatedly
mentioned in the comparison of online versus offline service output levels (KaufmanScarborough and Lindquist 2002, Nicholson et al. 2002). As already noted, the time
variables considered in this paper are time-of-day-of-purchase and time pressures.
Time-of-day-of-purchase
The range of purchase channel options depends on the time of day the decision is
being made (Black et al. 2002, Meuter et al. 2000; among others). Opening hours in
traditional stores are usually shorter than the 24-hour shopping available on the Internet.
Online shopping allows consumers greater independence by removing external
restrictions and enabling them to shop at any time of day or night (Schröder and Zaharia
2008). This is particularly important in countries with very strictly regulated shopopening hours.
Furthermore, consumers approach stores hoping to gather the information they need
in order to complete a purchase. Fear of not having enough time to research the products
and thus making too hasty a purchase may therefore discourage them from shopping in
a traditional store very near to closing time. In terms of time, therefore, the convenience
of a purchase channel is a matter of consumer perception (Kleijnen et al. 2007).
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This time factor can be expected to play a more decisive role in low-involvement
contexts. In high-involvement contexts, consumers will try to select the best store for
their purchase, even if faced with less convenient opening hours, whereas, in lowinvolvement contexts, they will be more likely to take the easier option. The amount of
effort they are willing to make will vary according to the time of day.
Similarly, time-of-day has a more decisive impact on channel choices involving
search goods. Decisions relating to experience goods take longer because of the greater
risk and information-processing involved. Thus, it is reasonable to assume that
proximity to store closing time matters.
The above leads us to state the following hypothesis:
H4: The nearer it is to store closing-time, the greater the probability of online
purchase.
H4a: The time-of-day effect on the probability of online purchase is stronger
in low-involvement than in high-involvement contexts.
H4b: The time-of-day effect on the probability of online purchase is stronger
in search than in experience goods contexts.
Time pressures
Perceived time pressures on task completion may modify purchase behaviour. Busy
consumers may decide to make a purchase online rather than offline because of the time
it saves (Black et al. 2002, Meuter et al. 2000,Verhoef and Langerak, 2001) and the
enjoyment it provides (Huang and Opperal 2006). This was, indeed, the conclusion
reached by authors such as Hand et al. (2009), Huang and Opperal (2006) and Verhoef
and Langerak (2001) in the context of grocery shopping; whereas Gehrt and Yan (2004)
found no such relationship in the book or apparel categories.
A further aspect of the above is the time spent waiting to be served or standing at the
cash-out. Customers tend to be impatient and to dislike waiting. They look for the
shortest queue and seek quick-purchase options, even when their preference is for
another product, if this avoids waiting (Dabholkar and Bagozzi 2002, Wang et al. 2012).
The same reasoning applies for time pressures as given above for time-of-day
effects. Time pressures will make consumers more likely to take the easier option in
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low-involvement contexts. They will also have a more decisive impact in the search
than in the experience goods context.
The above leads us to the following hypothesis:
H5: The greater the time pressures, the higher the probability of online purchase.
H5a: Time pressures have more impact on the probability of online purchase
in low-involvement than in high-involvement contexts.
H5b: Time pressures have more impact on the probability of online purchase
in search than in experience goods contexts.
4.3. Social dimensions of the purchase context
The literature has traditionally highlighted the social motives for shopping in
traditional retail stores and demonstrated the influence of this factor on consumer
behaviour (Nicholson et al. 2002, Sommer et al. 1992).
There is sufficient evidence to suggest that the presence of other people at the time
of purchase has a positive effect. This kind of social support might predictably reduce
the perceived risk and uncertainty associated with the purchase process, thereby
increasing the consumer’s confidence in making the right decision (Borges et al. 2010,
Kiecker and Hartman 1994, Nicholson et al. 2002). Information, advice or moral
support from others in the store may reduce the anxiety and stress caused by an
unfamiliar situation and thereby heighten the buyer’s sense of control in the process. In
the same vein, Raghunathan and Corfman (2006) found that the presence of others
might be desirable because it enables human bonding and enhances shared experiences
and the perception of having made the right choice.
The purchase experience may even transcend the actual nature of the product being
purchased (Alba et al. 1997), in which case the social support will also have a hedonic
effect (enjoyment, fun) (Borges et al. 2010, Nicholson et al.2002) leading consumers in
traditional stores to linger longer and make more purchases (Sommer et al. 1992).
Social support can come from a friend or relative accompanying the shopper or from
a casual stranger. The effectiveness of the uncertainty-reducing mechanism varies
according to the closeness of the bond. According to Kiecker and Hartman (1994),
support from close relatives or friends is assumed to reduce perceived risk, particularly
that of a social or symbolic nature, while support from strangers tends to be more
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functional. The hedonic effect is more likely if the shopper receives support from a
friend than if accompanied by a relative or shopping alone.
Sometimes, however, the presence of strangers in a purchase situation in a
traditional store context can have a negative effect, potentially causing the buyer to feel
stress, loss of control, or social anxiety (e.g., Hui and Bateson 1991). Social anxiety
may influence attitudes towards available purchase channels, causing consumers to
focus on the advantages of those options that free them from having to deal with
crowds, and thus swaying their usage intentions. This was the conclusion reached by
Dabholkar and Bagozzi (2002) in their research on the choice between a touch screen
and a verbal order when ordering fast food.
There are also occasions on which people have neither the need nor the wish to
speak to others in order to obtain information or verify their choices, in which case the
presence of others may even prove annoying (Raghunathan and Corfman 2006). Such
individuals may derive limited satisfaction from social bonding or support for their own
decisions.
Finally, the presence of others may reduce purchase effectiveness by distracting the
purchaser’s attention away from the tasks involved in the purchase process, and may
explain some people’s preference to shop alone (Borges et al. 2010).
Thus, consumers who are particularly averse to social interaction when shopping are
very likely to prefer online shopping, which is commonly known for its non-social
nature (Alba et al. 1997, Meuter et al. 2000, Nicholson et al. 2002). The online purchase
experience lacks warmth and sociability (Gefen and Straub 2003) tending to be more
impersonal, anonymous and automated (van der Heijden 2003, Wang and Emurian
2005).
Online retailers therefore face the challenge of making virtual stores more socially
enriching (Kumar and Benbasat 2002, Hassanein and Head 2007). Zhu et al. (2006) use
the term “collaborative online shopping” to describe the experience of shopping online
together with one or more remotely located “shopping buddies”. Web characteristics
that might evoke a sense of collaborative online shopping include chats (Kumar and
Benbasat 2002), human assistants (Aberg and Shahmenhri 2000,Hostler et al. 2005),
virtual communities (Kumar and Benbasat 2002), socially-enriching pictorial and
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textual content (Gefen and Straub 2003) and telepresence (Zhu et al. 2006). These
features are not yet widely available in existing online purchase channels, however.
Without denying the enjoyment to be had from using the Internet and its potential
for providing a collaborative shopping experience, we assume, in line with the
literature, that physical stores have greater capacity than virtual stores to address the
socio-recreational needs of the shopper.
The above leads us to the following hypothesis:
H6: The probability of online purchase is lower if a friend or relative is present at
the time of the channel choice decision.
H7: The effect of the opportunity for social interaction on the probability of online
purchase varies across consumers and product categories.
One of the phenomena associated with the purchase of high-involvement goods is
consumers’ tendency to consult a range of product information sources (Antil 1984;
Krugman 1965). In this case, channels enabling social interaction are perceived to be
better than those that do not. Such channels are less well-rated for the purchase of
products in low-involvement categories, however, where the aim is to minimize time
and effort, and where having to engage in social interaction might even prove
bothersome. Similar reasoning applies with respect to the issue of shopping alone or in
the presence of others. The presence of a companion enhances the experience of
shopping in a traditional retail store for a high-involvement product, but does quite the
opposite if the purchase involves a low-involvement product. Therefore:
H6a: The presence of others has more negative impact on the probability of
online purchase in low-involvement than in high-involvement contexts.
H7a: The effect of the opportunity for social interaction on the probability of
online purchase is negative in low-involvement contexts.
Finally, we expect the impact of socio-environmental variables to vary between
search goods and experience goods. It has been widely demonstrated, for example, that
the opinions of others are particularly important to the consumer shopping for
experience goods. This is because, by providing a source of indirect experience of
sensory attributes that extrinsic cues fail to convey, they help to reduce the perceived
risk associated with the purchase of experience goods (West and Broniarczyk 1998).
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Conversely, King and Balasubramanian (1994) find that consumers will probably select
a search good based on their own criteria. Therefore, the positive impact of the
opportunity to confer with others and the presence of others will be greater in the
context of experience goods than in that of search goods.
This leads us to the next hypotheses:
H6b: The presence of others has more negative impact on the probability of
online purchase in the context of experience goods than in that of search
goods.
H7b: The effect of the opportunity for social interaction on the probability of
online purchase is positive in the context of experience goods.
5. Situational variables and product category in channel choice decisions. Research
phase 2

5.1. Definition of the variables
We test the above hypotheses by experimental means. We first define levels for the
7 variables selected in phase 1, using two levels for each variable to limit the number of
possible scenarios and thereby the complexity of the analysis and to reduce error in the
results (Wang and Li, 2002). This study uses a between-subject design to examine the
moderating effect of product category and a within-subject design to examine the effect
of the situational variables. We begin with a 7-factor model with two levels of each
factor to test the effects of the situational variables.
The factor levels are as follows:
⋅ Store Tidiness: very untidy / very tidy
⋅ Clarity of website layout: very poor / very good
⋅ Distance-to-store: 20 minutes by car from consumer’s residence to the town centre
/consumer resident in town centre .
⋅ Time-of-day-of-purchase: 3 hours before closing time /15 minutes before closing
time.
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⋅ Time pressures: a lot to do /nothing to do.
⋅ Presence of others at time of channel choice decision: alone / with someone else.
⋅ Opportunity for social interaction in the store: someone to talk to in the store/ no
one to talk to in the store.
All possible combinations of these factors (7) and their different levels (2) give a
total of 128 scenarios (27). Since every respondent will be faced with the different
choice scenarios, it is necessary to find a way to keep the scenario rating task within
reasonable limits without losing any valuable response variation data. An orthogonal
design enables the researcher to reduce the rating task required of survey respondents
while still identifying all estimable effects (Ortúzar et al. 2000). An orthogonal design
uses a given number of stimuli in which all estimable effects are uncorrelated (Louviere
et al. (2000), thus enabling estimation of all the main effects. For the case in hand, SPSS
Statistics21.0 software is used to generate a set of 8 highly representative choice
scenarios from the 128 possibilities.
Figure 2 shows one of the 8 cards presented to the participants, where the levels are
as follows:
⋅ Store tidiness: very tidy.
⋅ Clarity of website layout: very poor.
⋅ Distance-to-store: 20 minutes by car from consumer’s residence to town centre.
⋅ Time-of-day-of-purchase: 3 hours prior to closing time
⋅ Time pressures: a lot to do.
⋅ Presence of others at time of channel choice decision: alone.
⋅ Opportunity for social interaction in store: no one in store to talk to.

21

FIGURE 2. Sample scenario presented to survey participants
Imagine you have read everything on your bookshelf and you realise you will have nothing to read at
the weekend. It is Tuesday and you decide to buy a new book. It is 5 pm (3 hours before closing time)
and you are alone at home, which is a 20- minute drive from the town centre. Although you have a
lot to do this afternoon, you know a bookshop that is usually very well-organized although you are
unlikely to find anyone there to talk to. You also know a website where you could buy a book, but the
layout is not very clear.
Supposing the offer and the prices to be similar in both cases, you have a total of 10 points to distribute
between the two options in order to rate the probability of their being your choice of channel for the
purchase of a book in the above situation:
Points
The Internet
The bookshop
TOTAL

10

5.2. Choice of product categories
Two important methodological reasons require us to base this study on selected
product categories. Firstly, since one of the objectives is to analyse the moderating
effects of product category (high/low involvement, search/experience good) we need to
select a product from each category. Secondly, we need to ensure the validity of the data
we obtain from the survey by linking each choice scenario to a particular product
category for the sake of authenticity.
The selection of product categories for this study is based on three criteria. Firstly,
they must be among those most frequently purchased online, to ensure the survey
participants’ familiarity with the channel-choice scenario. Our guidelines are provided
by the 12th AIMC Internet user survey (AIMC 2010). Secondly, they must include both
search and experience goods. Thirdly, the selected products must cover different
consumer involvement levels.
The selected products were books (search good, low involvement), T-shirts
(experience good, low involvement), plane tickets (search good, high involvement) and
personal computers (experience good, high involvement). According to the results of
our exploratory analysis, the levels of penetration for these four categories are high
(books: 75%, fashion: 56%, IT products: 63.1%, airline tickets: 88.1%).
We used a between-subjects design to control for the product category effect
without creating too complex a rating task. In this case, any more than 8 choice
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scenarios per respondent could result in practice, sensitization, and carry-over that may
limit interpretation of results (Greenwald, 1976).
5.3. Questionnaire design
As well as asking participants to state their channel choice preferences in eight
different choice scenarios for a single product category, the questionnaire is designed to
solicit other types of data. For the four products considered, the first section requires
respondents to rate on a scale of 0-10, (0 = totally unsuitable; 10 = highly suitable) the
suitability of the traditional store versus the virtual store for their purchase (Moore and
Benbasat, 1996). This provides an indication of their frequency of purchase for each
product (number purchased in the last year) and their frequency of purchase per channel
(using percentages per product/per channel). Questions to ascertain respondents’ sociodemographic data, including age, gender, marital status, size of hometown, income
level, etc. appear inserted between one scenario and the next.
5.4. Procedure
An online data collection mode can be deemed appropriate for use with the target
population (consumers who had at some time made an online purchase). Specialized
professionals adapted the experimental design and supplementary questionnaire to the
online survey mode. Two critical decisions were taken to ensure the validity of the
results. Firstly, to prevent respondent fatigue and minimise any learning effect, the
scenarios were presented to each respondent in random order and the various sections of
the supplementary questionnaire were inserted between one scenario and the next.
Secondly, instead of presenting every respondent with all the channel choice scenarios
(8) and all the product categories (4), which would have meant 32 choice scenarios in
all, a single category was randomly assigned to each respondent (Malhotra, 1982). They
were then asked to rate the probability of their opting for the online store or the physical
store in each case by distributing 10 points between the two.
5.5. The sample
The target population for this study includes any Spanish resident who has ever
made an online purchase. A company specializing in market research collected the data
using a computer-assisted web-interviewing procedure (CAWI) in April 2010.
We extracted a representative sample of 1600 online shoppers. This sample included
400 participants per product category and reflected the same gender and age quotas used
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in the Survey on Information and Communication Technology Equipment and Use in
Households 2009.
57.5% of the sample was male. The age distribution was approximately 16.5% 1624 years, 35% 25-34, 26% 35-44, 15% 45-54, and the remainder 55 or over. 91.5%
were resident in towns with populations of 5,000 or over. 58.8% had no children.
Roughly 54% were educated to university level or beyond, 39% had a secondary
education and the rest a primary education or none at all (See Table 3).
TABLE 3. Personal characteristics of survey respondents. Descriptive statistics.
Variables

Categories

Total
N

Sex

Age

Size of hometown

Number of children

Education

%

Male

920

57.5

Female

680

42.5

16-24 years

262

16.4

25-34 years

563

35.2

35-44 years

416

26.0

45-54 years

244

15.3

55-64 years

95

5.9

>65 years

20

1.3

Pop. <1,000

30

1.9

Pop. 1,000-4,999

106

6.6

Pop. 5,000-19,999

251

15.7

Pop. 20,000-99,999

371

23.2

Pop. 10,0000-499,999

385

24.1

Pop. 500,000-1,000,000

151

9.4

Pop. >1,000,000

306

19.1

None

940

58.8

One

263

16.4

Two

307

19.2

Three

63

3.9

Four

20

1.3

Five

6

0.4

Seven

1

0.1

None

2

0.1

Primary

104

6.5

Secondary

628

39.3

Higher

866

54.1

1600
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The following details regarding purchase frequency across product categories in the
above sample are worth noting. Books and T-shirts showed the highest frequency of
purchase and the lowest number of respondents reporting zero purchases in the last year.
The reverse was found for the IT product category. While 42.56% of those surveyed had
bought more than four books, 55% more than 4 T-shirts, and only 8% (approx.) had
bought neither of these products, almost 30% had bought no IT products at all and only
about 10% had bought more than four IT items.
The online channel is the most frequent choice for the purchase of airline tickets,
while the traditional store is still the preferred channel for the remaining products.
5.6. Data analysis
To analyse the impact of the situational variables on channel choice, we use a
Binary Logit model (Ben-Akiva and Lerman 1985, Kamakura and Russell 1989) where
the dependent variable is the probability of the online channel being the preferred option
in a given situation. A number of behavioral and demographic factors drawn from the
supplementary questionnaire are included as control variables.
According to this model, in each channel choice scenario, for an individual h, the
utility of the online store is defined as follows:

Where:
h: online shopper h
j: the scenario presented to each respondent (1-8)
i: a situational variable, such as (1) distance-to-store, (2) store tidiness, (3)
organization of website layout, (4) time-of-day-of- purchase, (5) time pressures, (6)
opportunity for social interaction during the purchase process, and (7) presence of
others during the purchase .
p: a behavioural variable, such as (1) channel-product compatibility per product
category, (2) purchase frequency per category,(3) purchase frequency per product and
(4) online purchase frequency per product.
w: a demographic variable, such as (1) gender,(2) age,(3) size of hometown, (4)
number of children and (5) level of education.
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β1i, β2p,β3w: parameters that capture the impact of each of the above variables.
Following the assumptions of the Binary Logit Model (Hensher et al 2005), the
probability of online purchase by individual h in channel choice scenario j can be
written as:

Given that the subjects in our sample fall into four clear groups (purchasers of
high/low involvement goods and purchasers of experience/search goods) possible
between-group differences in variance could affect the scale parameters. Although this
does not affect interpretation of the aggregate parameters, it could complicate the testing
of the relative effects of the various product categories. To overcome this problem, we
estimate four different models (one for each category) in addition to the original
aggregate model. The coefficients of these four models are compared using Swait and
Louviere’s (1993) pairwise test to confirm or rule out the existence of overall
differences in consumer behaviour across the four categories (high versus low
involvement and experience versus search goods).

6. Results and discussion
Table 4 shows the results of the multinomial logit model for all the survey
participants. Coefficients at the 5% level of significance are highlighted. This is the
model used to test the general hypotheses H1-H7. The first noticeable result is the
negative constant, which shows that our respondents prefer traditional stores to
shopping online.
Among the situational variables, we find that physical environmental and time
factors have a significant impact on the probability of online purchase, which increases
with distance-to-store (H1 confirmed; β= 0.097); decreases with physical store tidiness
(H2 confirmed; β= -0.333), and increases with clarity of website layout (H3 confirmed;
β= 0.531). Consumers are also more likely to select the online channel within 15
minutes to store closing time (H4 confirmed; β= 0.178) or when they are very busy (H5
confirmed; β=0.097). It is not possible to draw any conclusions regarding the socioenvironmental variables, despite their producing the expected signs.
When it comes to behavioural variables, consumers’ perceived suitability of each
product category for online purchase and their frequency of online purchase both have a
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positive impact on the probability of online purchase. However, overall frequency-ofpurchase per product category is significant only with respect to computers. The more
often consumers buy a computer, the less likely they are to purchase it online.
Finally, the only notable finding for the role of the socio-demographic variables is
the significance of the number of children and level of education, both of which act as
drivers of online purchase behaviour.
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TABLE 4.Multinomial Logit Results per product category*

Situational variables

Variables

Coefficients (z values)

Constant

-1.631 (-11.293)

Physical dimensions
Distance-to-store

0.097 (2.423)

Store tidiness

-0.333 (-8.263)

Clarity of website layout

0.531 (13.125)

Time dimensions
Time-of-day-of-purchase

0.178 (4.431)

Time pressures

0.097 (2.420)

Social dimensions

Product/channel compatibility

Overall purchase frequency

Online purchase frequency

Socio-demographic variables

Presence of others

-0.010 (-0.266)

Social interaction

0.025 (0.625)

Books

0.068 (5.363)

T-shirts

0.084 (5.511)

Computer

0.105 (6.327)

Ticket

0.115 (6.562)

Books

0.009 (0.354)

T-shirts

-0.048 (-1.862)

Computer

-0.107 (-2.248)

Ticket

0.041(1.074)

Books

0.007 (5.953)

T-shirts

0.008 (4.065)

Computer

0.009 (6.813)

Ticket

0.009 (8.278)

Gender

-0.077 (-1.879)

Age

-0.003 (-1.652)

Size of home town

0.057 (1.281)

Children

0.106 (2.098)

Level of education

0.108 (4.439)

N = 1413
Log = -7058.310
* Shading indicates z values higher than 1.96.
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6.1. The impact of situational variables in high-versus low-involvement products
Table 5 presents the results by involvement levels, where it emerges that consumers
prefer to shop in traditional retail stores irrespective of their level of involvement with
the product.
TABLE 5. Multinomial Logit Results by involvement level*
Low involvement

High involvement

T-test for low vs.
high involvement**

Variables

Coefficients
(z values)

Coefficients
(z values)

Constant

-1.484 (-7.817)

-2.256(-10.686)

0.145

Distance-to-store

0.099 (-1.771)

0.108 (-1.854)

0.102

Store tidiness

-0.280 (5.002)

-0.393 (6.717)

0.621

Clarity of
website layout

0.415 (7.415)

0.658 (11.222)

-1.700

Time-of-day-ofpurchase

0.242 (-.333)

0.116 (2.000)

1.786

Time pressures

0.109 (1.962)

0.078 (1.351)

-0.537

Presence of
others

-0.074 (-1.328)

0.053 (0.912)

-1.465

Social interaction

-0.065 (-1.175)

0.118 (2.025)

-2.029

Product/channel
compatibility

0.084 (8.249)

0.125 (8.657)

-1.187-

Overall Purchase
frequency

-0.010 (-0.418)

0.003 (0.099)

-0.302

Online purchase
frequency

0.007 (6.837)

0.012 (15.005)

-0.007

Gender

-0.166 (-2.885)

0.062 (1.050)

-2.626

Age

-0.010 (-3.216)

0.004 (1.444)

-0.009

Size of home
town

-0.033 (-0.532)

0.117 (1.808)

-1.450

Number of
children

0.192 (2.777)

0.022 (0.307)

1.711

Level of
education

0.170 (5.000)

0.045 (1.312)

2.710

Situational
variables
Physical
dimensions

Time dimensions

Social
dimensions

Sociodemographic
variables

2
𝜒𝜒17
= 56.816

N = 713

N = 700

Lg = -3651.2

Lg = -3414.307prob=0.000

* Shading indicates z values higher than 1.96.
** Ben-Akiva & Lerman, 1985
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Comparison of the logit models for low- and high-involvement goods using Swait
and Louviere’s test (1993) reveals global parameter differences. This suggests the need
for separate pairwise testing of the equality of the coefficients between the lowinvolvement model and the high-involvement model with the adjusted t statistics (BenAkiva and Lerman, 1985).
Three situational variables, namely, physical store tidiness; clarity of website layout;
and time-of-day-of-purchase are found to have an impact in both the high- and lowinvolvement categories. The more untidy the store, the more likely the consumer will
purchase the desired goods online; a choice which is also driven by website clarity.
Purchases being considered 15 minutes before store-closing time are also more likely to
be made online. As far as cross-category variance is concerned, H1a remains
unconfirmed, since the effect of distance-to-store is similar for both high and lowinvolvement goods. H2a and H3a also remain unconfirmed, since the lack of any
significant differences between the two involvement levels refutes the idea that store
tidiness or clarity of website layout play a more important role in purchase decisions
involving for low-involvement goods.
H4a and H5a regarding the effects of time-related situational variables also remain
unconfirmed, since the differences between the coefficients are not significant. In the
individual models, however, time pressures are observed to influence the choice of
channel for low-involvement purchases, while having no significant impact for highinvolvement purchases.
Our hypotheses for the last group of variables, relating to social interaction, state
that, for the purchase of low-involvement goods, the chance of social interaction will
decrease the probability of online purchase. Partial confirmation is found for H6a, and
for H7a, no negative effects are found but the signs of the two coefficients are different.
The findings for the behavioural variables show that, while the perceived suitability
of the product category for online purchase and frequency of online purchase both have
a positive impact in both involvement levels, frequency of purchase fails to achieve
significance in either of them.
Finally, none of the socio-demographic variables considered had a significant
impact in channel choice for high-involvement purchases, whereas all except size of
hometown played a significant role in channel choice for low-involvement purchases.
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6.2. The impact of situational variables in the purchase of experience and search goods
Table 6 enables us to see that, analogous to the results for effects across
involvement levels, consumers’ preference for the traditional store over the virtual store
holds for both experience and search good purchases.
The results of Swait and Louviere’s test (1993) to compare the search and
experience logit models confirm the null hypothesis of scale parameter equivalence.
This removes the need for an adjustment factor since it is possible to compare the
original model parameters using the t statistic (Ben-Akiva and Lerman 1985).
The first factor in the search category is distance. Thus, online purchase probability
in the case of a search good increases with distance-to-store, a variable that our
conceptual framework identifies as predictably playing a more important role in the
purchase of search goods than in that of experience goods. Since this factor has no
significant impact in the purchase of experience goods, we have only partial
confirmation of H1b.
The observed effect of the physical-environmental variables is that online purchase
probability increases as store tidiness decreases and website clarity increases. The
online channel is also the more likely choice during the last 15 minutes before store
closing time. The observed absence of differences between product categories
nevertheless precludes confirmation of H2b and H3b.
Although H4b asserts that time-of-day-of-purchase has a more decisive impact in
the search product context, our findings reveal that it has equal impact in the search and
experience contexts. Since time pressures do not appear to matter in either of these
contexts, we are unable to confirm H5b.
Hypotheses H6b and H7b, which posit that the socio-environmental variables have
different impact in the purchase contexts of both search and experience goods, remain
unconfirmed because the non-significance of the two coefficients prevents any clear
conclusions.
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TABLE 6.Multinomial Logit Results for search versus experience goods *
Experience

Search

T-test
experience
vs. search

Variables

Coefficients

Coefficients

(z values)

(z values)

-1.604 (-6.959)

-1.741 (-9.490)

0.466

0.089 (1.468)

0.106 (1.983)

-0.209

-0.311 (-5.130)

-0.349 (-6.479)

0.468

0.506 (8.332)

0.547 (10.122)

-0.504

0.172 (2.848)

0.184 (3.416)

-0.148

0.101 (1.674)

0.093 (1.737)

0.099

Presence of others

-0.037 (-0.620)

0.008 (0.157)

-0.554

Social interaction

-0.010 (-0.166)

0.053 (0.992)

-0.776

0.093 (7.855)

0.090 (7.423)

0.176

Overall Purchase frequency

-0.050 (-1.832)

-0.035 (-1.438)

-0.403

Online purchase frequency

0.009 (8.076)

0.012 (17.602)

-2.206

Gender

-0.027 (-0.448)

-0.108 (-1.979)

0.976

Age

-0.006 (-1.877)

0.000 (0.124)

-1.311

Size of home town

0.063 (0.952)

0.080 (1.312)

-0.188

Number of

0.094 (1.264)

0.079 (1.178)

0.148

0.120 (3.281)

0.107 (3.290)

0.265

N = 613

N = 800

Constant
Situational variables
Physical dimensions

Distance-to-store
Store tidiness
Clarity of website
layout

Time dimensions

Time-of-day-ofpurchase
Time pressures

Social dimensions

Product/channel
compatibility

Socio-demographic
variables

children
Level of education

Lg = -3112,922

Lg = -3975.990

2
𝜒𝜒17
=

9.166

prob=0.935

* Shading indicates z values higher than 1.96.
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As far as behavioural variables are concerned, perceived suitability of the product
for online purchase and online purchase frequency have an impact in both these
categories. The effect is positive in both cases. Interestingly, the t statistic reveals
significant category-related variation in the impact of online purchase frequency, which
is stronger for search goods than for experience goods. Thus, the probability of online
purchase is higher in consumers reporting higher frequency of Internet usage, especially
if the desired item is a search good.
Finally, with respect to the socio-demographic variables, level of education proves
to be a significant factor in the choice of channel for the purchase of both experience
and search goods, while a gender effect is observed only in the purchase of search
goods.
A final summary of the findings is given in Figure 3, where the confirmed
hypotheses are outlined in bold.

Figure 3.Research phase 2. Hypotheses and results
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7. Conclusions and implications
Consumers’ purchase channel choices have probably received more attention than
any other area of consumer research since the arrival and rapid diffusion of the Internet
in our society, as noted by Neslin et al. (2006) and Zhou et al. (2007). Interaction
between channel choice and purchase context, however, has received scant attention.
Some purchase contexts can discourage the use of a specific purchase channel, even
in consumers who fit the typical user profile. They can also increase the consumer’s
value perception of a given channel or drive preference for one versus another. The
purchase context can also trigger or reinforce multichannel behaviour, with the result
that, increasingly, consumers do not always select the same channel, even to purchase
the same product. When asked to state which channels they use to purchase four
different types of product in the last year, about 52% of the survey participants who had
bought books and IT products, 40% of those who had bought T-shirts and 30% of those
who had bought airline tickets had used more than one channel.
Although marketing managers cannot control all of these situational variables, an
understanding of their impact on channel choice patterns would enable them to improve
the sales procedures they use in the purchase channels they offer their customers,
identify which new services to provide, and help in the design of publicity, promotion
and merchandising strategies.
This paper makes three contributions to the literature. The first is an exploratory
analysis to assess the relative importance of the different dimensions of situational
variables, finding, in line with Nicholson et al (2002), that physical, social and timerelated dimensions are relevant to consumer preferences on virtual versus physical
purchase channels.
The second contribution of this paper is the design of an experiment to identify
which variables of the above dimensions are the key drivers of channel preference.Of all
the situational variables that can influence the choice between online and offline
channels, consumers’ main concern is with clarity of organization, whatever the product
category. Store untidiness is a factor that makes consumers turn to the online channel. A
clearly laid out website also encourages online purchases. Thus, as well as taking extra
care to maintain tidiness during opening hours, the managers of physical stores could
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make good use of ICT by using it to remove some of the effort and stress from the
shopping process for their customers and thereby reduce any reluctance towards
shopping in traditional stores. This could be done by providing screens at the entrance
to enable customers to check product availability and characteristics in real time.
The enormous technological and interactive potential of the online environment not
only enables firms to design functional and effective web site layouts and avoid
interruptions of Internet traffic flow, it also offers them the opportunity to include tools
to make the shopping process easier and more effective. The possibilities include the
incorporation of features to enable consumers to customize the website to suit their
requirements for each purchase process, thus satisfying one of the demands of online
customers, which is for greater control in the purchase environment (Poole and O’Cass
2002). This will require consultation with other disciplines or areas of research dealing
with the customer-computer interface from the programming and technical perspective.
The use of data mining techniques will also enable managers to design profiles to
streamline the customization process.
Our findings suggest that distance-to-store can predictably act as a stimulus to
online purchase. Developments in mobile phone technology, which further simplify
Internet access, may increase perceived distance-to-store in the mind of the consumer.
However, if virtual store managers wish to take advantage of the distance factor, they
need to work towards reducing the uncertainty in consumers generated by the
intangibility of online products (they cannot feel, smell or taste them to check the
texture and see whether apparent quality matches up to actual quality). One possibility
is to maximize size, colour, movement and three-dimensional effects in order to provide
the clearest possible images of their products. Even greater advantage could be gained
from the distance factor by making it easier for consumers to return goods purchased
online.
Relevant findings have also emerged with respect to the role played by the time
factor in the purchase context. Irrespective of product category and urgency of purchase,
the restrictions imposed by traditional store opening hours are another potential driver
of online purchase intentions. At certain times of day, the consumer may delay the
purchase decision until the following day, or use the online channel to purchase the
product or at least locate and research the options.
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The decision to purchase online is also dependent on time pressures. Time-saving
possibilities and the advantages of 24-hour shopping encourage consumers to shop
online. One-click purchase buttons, intuitive search and browse options, satisfied
customer testimonials, etc. can help to increase the advantages even further. The
managers of traditional retail stores, meanwhile, might concentrate on finding ways to
simplify and speed up the purchase process. In clothes stores, the answer might be to
train staff to be sufficiently familiar with all the product lines in the store as to be able
to provide individual advice to customers. In the case of bookshops, it might be to
provide electronic book finders to enable customers to locate and obtain a synopsis of a
book by typing in the title, name of author or a few key words; or to install automatic
cash out facilities. The aim may be to incentivize the use of a particular channel or to
boost the numbers of multichannel users, whose purchase and spending levels have
been found to be higher than those of single-channel users (Ansari et al.2008,
Chintagunta et al. 2009). Whatever the case, in addition to the above, communication
and promotion campaigns will be needed to bring consumers’ attention to the added
value of each purchase channel in relation to the situational variables considered in this
study.
The third contribution of this paper is its focus on the moderating impact of product
category on the effects of situational variables. While past research has focused on
single-category analyses, this paper considers four: high/low involvement goods and
search/experience goods. The findings nevertheless remain inconclusive. Our findings
can be summed up as follows. Distance-to-store has less of a dissuading effect when
the consumer is considering the purchase of a search good than when considering that
of an experience good. Furthermore, while the chance for social interaction is found to
be a possible incentive for consumers to purchase high-involvement goods online,
neither of the social variables considered was found to influence channel choice for the
purchase of low-involvement goods. Virtual stores need to strive to create a more
socially enriching shopping environment. While this is not yet the general trend, many
companies are now using a sophisticated combination of telephone, e-mail, fax, Internet
and interactive voice and data technology to provide support services that used to be
impossible. Some online stores, for example, are monitoring their customers’ web
searches and then opening a chat window to enquire (just as they would in a real store)
whether the customer needs any information about the articles being viewed.
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The empirical results failed to support the other hypotheses considered with respect
to the moderating role of product category in the impact of situational variables. This
could be a consequence of the experimental design, which defines product category not
as a within-group but as a between-group factor, such that no channel choice scenario is
presented to the same individuals for different product categories. In any event, with
some improvement, our conceptual framework for testing the moderating effect of
product category could be used to test these hypotheses in future research.
Finally, it should be noted that this study uses only two product classifications,
thereby discarding other criteria suggested by the literature, such as hedonic versus
utilitarian. Social interaction factors would probably have more influence on channel
choice for the purchase of hedonic goods. Other potentially more important
determinants include task-definition variables such as personal use versus gift scenarios.
This is another key area for future research.
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